Evolution of Intergenerational Educational
Mobility in Turkey
Online Appendix
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Figure 1: Intergenerational Educational Persistence & Upward Mobility across SILC 2011 and AES

2007 & 2012
(a) Persistence

(b) Upward Mobility

† This figure shows the estimation results by Adult Education Survey in 2007 & 2012. Dates on the horizontal axis correspond to
the birth-cohort of interest. Dots and triangles represent point estimates while solid lines correspond to time trends smoothed
with Hodrick-Prescott filter.
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Figure 2: Intergenerational Educational Persistence & Upward Mobility across SILC 2011 and AES

2007 & 2012
(a) Persistence ♂

(b) Upward Mobility ♂

(a) Persistence ♀

(b) Upward Mobility ♀

† This figure shows the estimation results by Adult Education Survey in 2007 & 2012. Dates on the horizontal axis correspond to
the birth-cohort of interest. Dots and triangles represent point estimates while solid lines correspond to time trends smoothed
with Hodrick-Prescott filter.
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Figure 3: Intergenerational Educational Persistence & Upward Mobility across SILC 2011 and AES

2007 & 2012
(a) Persistence - Urban

(b) Upward Mobility - Urban

(a) Persistence - Rural

(b) Upward Mobility - Rural

† This figure shows the estimation results by Adult Education Survey in 2007 & 2012. Dates on the horizontal axis correspond to
the birth-cohort of interest. Dots and triangles represent point estimates while solid lines correspond to time trends smoothed
with Hodrick-Prescott filter.
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Appendix: Generalized Ordered Logit with Indicator Parental
Education Variables

Our ordered logit model relies on the implicit proportional odds assumption - i.e. a one-level
increase in parental education increases the odds of (i) high educational attainment relative to the
odds of below high-educational attainment and (ii) the odds of above low educational attainment
relative to the odds of low educational attainment at the same rate. Therefore, while individuals
with different parental education potentially exhibit heterogeneities in their likelihood of attaining
high, medium and low education, because of the proportional odds assumption increasing parental
education increases the odds of high educational attainment and the odds of medium educational
attainment at similar rates. In order to relax this restriction, we also use generalized ordered logit
methodology which allows parental education to affect the two odds ratios mentioned above at
different rates.1
Furthermore, in our base model we control parental education only with one categorical variable
that takes three values (low, intermediate and high). This practice, combined with the proportional
odds property of our ordered logit model, exacerbates the issue mentioned above even further: increasing parental education from low to intermediate level and from intermediate to high level have
homogeneous effects on the two different odd ratios described above. In order to allow the impact
of increasing parental education from low to on the two odds ratios described above from increasing parental education from intermediate to high level, we now control parental education with two
indicator variables (first variable takes the value 1 if parental education is low and 0 otherwise, the
second variable takes the value 1 if parental education is intermediate and 0 otherwise). As shown
in Figure 4, the generalized ordered logit model suits the data better than the vanilla ordered logit
model, especially in the case of transition probabilities conditional on intermediate or high parental
education.
Table 1: Odds Ratios by Ordered Logit and Generalized Ordered Logit Models

Odds
Ratio i
h
P r(E≤1|X)
log P r(E>1|X)
h
i
log PP r(E≤2|X)
r(E>2|X)

Ordered Logit

Generalized Ordered Logit

θ1 − Xβ

θ1 − Xβ1

θ2 − Xβ

θ2 − Xβ2

1
See Peterson and Harrell Jr (1990) , Fullerton and Dixon (2010), Williams et al. (2006) and Williams (2016) for
the proportional odds ratio assumption, generalized ordered logit methodology and gologit2 Stata command used for
this procedure.
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Figure 4: Intergenerational Educational Mobility - Generalized Ordered Logit Model with Indicator

Parental Education Variables - SILC Dataset
Pr(E = 1|P = 1)

Pr(E = 2|P = 1)

Pr(E = 3|P = 1)

Pr(E = 1|P = 2)

Pr(E = 2|P = 2)

Pr(E = 3|P = 2)

Pr(E = 1|P = 3)

Pr(E = 2|P = 3)

Pr(E = 3|P = 3)

† Dates on the horizontal axis correspond to the birth-cohort of interest. Pr(E = i|P = j) reads as descendants’s probability of
attaining education level i conditional on being born to a father with an education level of j. Dashed lines correspond to 95%
confidence interval standard error bands.
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Figure 5: Intergenerational Educational Persistence, Upward mobility and Downward Mobility:

Ordered Logit vs. Generalized Ordered Logit - SILC Dataset

† Dates on the horizontal axis correspond to the birth-cohort of interest.
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